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Abstract: Assessment on electricity deviation is a crucial transitional link in the electric market reform. For lack of
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scientific and effective load forecasting analysis on electricity deviation assessment, some power sales companies are of low
assessment accuracy. In view of the above situation, a load forecasting method based on the load bundling forecasting and
BP neural network model is proposed. The influence of load forecasting on the accuracy of deviation assessment is analyzed.
Ten power sales companies in Chongging executed forecast on their bundled load based on their customers’ power
consumption data. According to the calculated results of the deviation assessment, this method can alleviate the deviated
electricity in the assessment of power sales companies.
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Fig.1 Load bundling forecasting model of electricity sales

companies based on BP neural network
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Fig.2 Structure of BP neural network
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Fig. 3 Errors in network training
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Fig.5 Measured and predicted electricity consumptions in five years
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